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Abstract. This paper introduces a simple and fast method to combinatorially

approximate the feedback arc set problem on weighted tournaments, a well-known
classical NP-hard problem. Our results are as follows:

e A combinatorial 3-approximation algorithm for the minimum feedback arc set
problem with the expected running time of O(|V|log|V]) on tournaments that
satisfy the probability constraints, where V is the set of vertices of the tourna-
ment. The previously best-known approximation factor was 4.

e A combinatorial 5/3-approximation algorithm for the minimum feedback arc set
problem with the expected running time of O(|V|log|V]) on tournaments that
satisfy both the probability and the triangle inequality constraints. The previously
best-known approximation factor was 2.

Although these problems currently have a PTAS algorithm that returns a 1+ € approx-
imation solution, the running time is doubly exponential with respect to 1/¢, which is
merely significant in theory. Moreover, there are LP-based algorithms that solve these
problems with better approximation factors than ours, but at the expense of solving an
LP with O(]V|?) variables and O(|V|) constraints, which requires an excessive expen-
diture of time, making them inappropriate for practical use. There exist combinatorial
algorithms with dramatically faster running times and larger approximation factors
that are useful for practical use. The running time of our combinatorial algorithms is
the same as that of the best-known combinatorial algorithms for this problem, but our
algorithms have better approximation factors.

We have also shown that the proposed approach can be applied to other problems.
Here, we use the method to approximate the rank aggregation problem and show the
superiority of the result compared to current solutions.
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1 Introduction

A tournament is a complete weighted directed graph with exactly two directed edges (i,j) and
(j,i) between any pair of distinct vertices ¢ and j. A tournament can be represented by (V,w)
where V is the set of its vertices, and weight function w indicates the weight of each edge, i.e.
w;; > 0 is the weight of edge (7,7). A simple tournament is a tournament such that for any pair
of distinct vertices ¢ and j, the weight of one of the edges (i,7) or (j,) is 1, and the weight of the
other one is 0. A tournament satisfies the probability constraints if w;; + wj; = 1 for any pair of
distinct ¢,7 € V. A tournament satisfies the triangle inequality constraints if w;, < w;; + wjy for
any triple of distinct ¢, j,k € V.

A ranking on a finite set S of size n is a bijective function 7 : S — {1,...,n} where 7 (i) is the
position of ¢ € S in the ranking. An edge (7, ) in a tournament (V,w) is backward according to a
ranking 7 on V', if 7(i) > 7(j). The cost of a ranking 7 is defined as,

cost(m) = Z Wji.
i,jeEV
w(1)<m(5)

A feedback arc set for a tournament is a set of edges whose removal makes the tournament
acyclic. The weight of a feedback arc set is the sum of the weights of its edges. A minimum
feedback arc set (FAST) is a feedback arc set with minimum possible weight. A minimum feedback
arc set for (V,w) can also be described as a ranking mpas7 of V', whose cost is minimum among
all rankings of V. Hence,

TrAsT = argmin cost(m).
U

The minimum feedback arc set problem on tournaments is a classical well-studied problem that
has a rich history [11, 15, 18, 19], with numerous applications in ranking, preference aggregation,
and decision-making [12, 10, 16, 8, 18]. This problem is a foundational problem due to its di-
rect connection to real-world ranking systems where inconsistencies naturally arise from noisy or
uncertain pairwise data. In many practical settings, the pairwise comparisons between elements
are not deterministic but probabilistic. When the weight of each directed edge between vertices @
and j in the tournament represents the probability that element ¢ is preferred to element j. So,
wi; +wj; = 1, we obtain tournaments that satisfy probability constraints. Such probabilistic tour-
naments model real phenomena in which preferences or outcomes are inherently uncertain. This
framework arises in numerous contexts, including social choice and voting, sports ranking, psy-
chometrics, and online recommendation systems, where outcomes are best expressed as likelihoods
rather than absolute wins or losses. In these scenarios, the minimum feedback arc set problem
finds an ordering that minimizes the number of upsets, effectively providing a maximum-likelihood
ranking of the observed data [5].

These constrained tournament instances also have a particular application in information sys-
tems, where large-scale data processing often requires robust ranking mechanisms to handle in-
consistent or noisy inputs. In rank aggregation, for example, multiple conflicting rankings from
different sources, such as user preferences or algorithmic outputs are combined into a consensus
ordering that minimizes the total Kendall tau distance. Here, the weights satisfy both probability
and triangle inequality constraints. This directly applies to meta-search engines in information re-
trieval, where results from various search providers are merged to produce a unified list, improving
query relevance and user satisfaction by minimizing discrepancies [2].
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1.1 Previous Works

It has been shown that the minimum feedback arc set problem, even on simple tournaments, is
NP-hard [2, 3]. Kenyon-Mathieu and Schudy [13] gave a polynomial-time approximation scheme
(PTAS) for the minimum feedback arc set problem on tournaments which returns a 1 + € approx-
imation solution for any desired € > 0. However, the running time of this algorithm is doubly
exponential in 1/e.

Ailon et al. [2] gave an LP-based 2.5-approximation algorithm for the minimum feedback arc set
problem on tournaments that satisfy the probability constraints. Recently, this was improved to
2.127 [14]. Also, there is an LP-based 1.5-approximation algorithm for the tournaments that satisfy
the triangle inequality constraints [1]. These algorithms, in comparison to the PTAS algorithm,
are much faster, although they still need to solve the LP formulation shown in relation (1), which
is a linear programming for minimum feedback arc set problem on tournaments. Note that this
LP has O(|V'|?) variables and O(|V'|?) constraints.

minimize E T Wi + Xj;Wi
i<j

subject to  x;; + xjk + Tk > 1 for all distinct 7,5,k € V (1)
Tij + x5 =1 for all distinct i,5 € V
0 < 2y for all distinct ¢,j € V

Due to the high running time of the LP-based algorithms, more efficient algorithms have been
proposed. Ailon et al. [2] introduced the first combinatorial constant factor approximation algo-
rithm for the feedback arc set problem on tournaments, called KwiKSORT. It is a 5-approximation
algorithm for tournaments that satisfy the probability constraints. For simple tournaments, it is
a 3-approximation algorithm. It is also a 2-approximation algorithm if the tournaments satisfy-
ing both the probability and the triangle inequality constraints. This algorithm recursively finds
a ranking which is an approximate solution for the FAST problem. It chooses a vertex p € V
uniformly at random as a pivot, and, for any u € V' — {p} if wy, > wp, it puts u to the left side
of p, if wy, < wpy it puts v to the right side of p, and if wy, = wy, it puts u to the left side or
the right side of p, arbitrarily. Then, it recursively finds the position of the vertices which are on
the left side and on the right side of p, independently. Clearly, the expected running time of this
algorithm is O(|V'|log |V]).

Coppersmith et al. [7] gave another 5-approximation combinatorial algorithm for the minimum
feedback arc set problem on tournaments having probability constraints. This algorithm simply
sorts the vertices by their weighted in-degrees. The running time of this algorithm is O(|V|?)
because we need O(]V|) time to compute the in-degree of each vertex. Zuylen et al. [20] pre-
sented a 4-approximation combinatorial algorithm for the minimum feedback arc set problem on
tournaments satisfying probability constraints. To the best of our knowledge, this algorithm was
the best-known combinatorial algorithm for this problem. Table 1 summarizes these results along
with the results from this paper.

1.2 Our Results

Our algorithm for the FAST problem, called QUICKFAST, is similar to KWIKSORT, but we use
different separating rules to assign vertices to the right or left sides of the pivot vertex. Our
proposed separating rules improve the approximation factors for the tournaments satisfying the
probability constraints from 4 to 3, and for the tournaments satisfying both the probability and
triangle inequality constraints from 2 to 5/3.
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Previous This Paper
LP-Based
Problem Combinatorial | Combinatrial
Result
Result Result

FAST (Probability Constraints) | 2.5 [2], 2.127 [14] | 5 [2, 7], 4 [20] 3

FAST (Probabilit d Triangl

(Probability and Triangle 2 73], 15 [1] 2 9] 5/3

Inequality Constraints)

Table 1: Approximation factors of LP-based and combinatorial algorithms.

Designing proper probabilistic function is generally a common task in decision making in ran-
domized algorithms, and mainly affects the efficiency and quality of the obtained result. Our
method in this paper is similar to the method that Ailon et al. [2] used for their algorithm. We
have adjusted and modified this method to be used for the analysis of our algorithm.

As the second part of this paper, we have applied the method for the rank aggregation problem
which is in close connection with the FAST problem. The rank aggregation problem can be trans-
formed to an instance of the FAST problem. Our algorithm for this problem, called QUICKRANK,
uses QUICKFAST as a subroutine and we show that the result is slightly better than the currently
proposed best combinatorial algorithm [2].

Expanding on the landscape of algorithms for the minimum feedback arc set on the general
weighted graph, several additional recent contributions offer complementary approaches to heuristic
and scalable solutions. For example, Simpson et al. introduce an efficient depth-first search-based
method for computing feedback arc sets in massive web-scale graphs, leveraging parallel processing
to handle billions of nodes and edges, which is particularly effective for real-time applications
in social networks and recommendation systems [17]. Cavallaro et al. extend their prior work
with algorithms that ensure minimal feedback arc sets maintain graph centrality measures, using
topological sorting to balance vertex degrees and enhance robustness in network analysis tasks [6].
Xiong et al. present reduction rules and divide-and-conquer strategies tailored for very large graphs,
achieving near-optimal small feedback arc sets through kernelization techniques that significantly
prune instance sizes before applying local search [21].

2  QuickFAST Algorithm

QUICKFAST is our quick and simple randomized approximation algorithm for FAST problem
whose pseudocode is depicted in Algorithm 1. As you can see, it is similar to KwWIKSORT. This
algorithm returns an approximate solution for the FAST problem in the expected running time
of O(|V]log|V]). QUICKFAST needs a rounding function that is a function f : V x V — [0, 1]
such that f(i,j) = 1 — f(j,4) for any pair of distinct ¢,j € V. For brevity, we use f;; instead
of f(i,7). If the tournament satisfies the probability constraints, we use the identity rounding
function f;; = w;yj, and if the tournament satisfies the triangle inequality constraints in addition
to the probability constraints, we use rounding function f;; = h(w;;), where,

0 it wel =[0,1/3]
Mw)=<3w—-1 if wely=11/3,2/3]
1 if wel=[2/31]
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QuickFAST((V,w)):

if V =0 then
‘ return an empty ranking;
else

Choose p € V uniformly at random,;
Intialize empty lists V7, and Vg;
for each u e V — {p} do
Add u to Vy, with probability f,,, otherwise (with probability fp, =1 — fup)
add u to Vg;
return Concatenation of QuickFAST ((Vg,w)), p, QuickFAST ((Vg,w))

Algorithm 1: Pseudocode of QuickFAST.

2.1 Analysis of the Algorithm

For any pairs of distinct vertices ¢ and j, exactly one of the edges (i,j) or (j,%) is a backward
edge in the ranking returned by QuickFAST. We call the backward edge between vertices i and j
good backward if these vertices were in a recursive call of the algorithm, and one of them has been
selected as a pivot in that call. A backward edge is bad backward if it is not good; in other words,
the backward edge between vertices ¢ and j is a bad backward if there exists a vertex k along with
vertices ¢ and j in a recursive call of the algorithm, and in this recursive call, k is selected as the
pivot, and vertices ¢ and j are placed in different sides of k.

We define Ef] (= Ejkz) as the event in which vertices 4, j, and k co-exist in a recursive call, and

in that recursive call, k is chosen as the pivot. Events EF., E? , and Eél have equal probabilities

1jr gk
because we choose the pivot vertex uniformly at random. Let Ff; be the event that pivot k sets
1 to its left side and j to its right side. The events FZ; and FZ}I are disjoint for any distinct pair
kK" € V —{i,j}, because when a pivot vertex puts ¢ and j to its different sides, ¢ and j can
no longer co-exist in another recursive call. Therefore, with probability Pr [Uk€V7 (i} FZ;] =
Zke\/—{i,j} Pr [FJEL the edge (j,4) is a bad backward edge. The event Fj; occurs when Ef]
occurs and the pivot k sets ¢ and j to its left and right sides, respectively. Therefore, Pr [Fm =
Pr [Efj] ij, where ij = firfr;. In fact, ij is the probability that while ¢, j and k are in a same
recursion step and k is picked as the pivot of that step, ¢ and j is set to the left and right of k&,
respectively.
Let mgr be the ranking returned by QuickFAST, and random variables Bor and Ggr be the
sum of the weights of all bad and good backward edges in mgF, respectively. This means that

Eleost(rqr)] = ElBor] + ElGor.

The expected value of Bgr is computed as follows.

E[Bgr] :Z Z Pr [EY]DEwj; + Pr [EY] DY wi; = Z Pr [EL] dijn (2)
i<j keV—{i,j} 1<j<k

where,

_pk . : : J J
g =Dijwji + Djwis + Djpwig + Digjwin + Dygwie + Dy .
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The backward edge between ¢ and j is bad with probability

Yo PFSUF = Y PRSI+ Pr[Ef]= ) Pr(ES(DE + D).

keV—{i,j} keV—{i,j} keV—{i,j}

So, the backward edge between i and j with probability 1 — Zkevf{i,j} Efj (ij + Dﬁ) is good.

Therefore, the expected value of Ggr is computed as follows.
E[Gor] =) (1 - ) Pr[E](Dh+ sz‘)) (figwji + fjwis)
i<j kevV—{i,j}
Let Crp be the optimal value of LP 1 that is Ziq ZijWj; + £j3ws5. Then,

Crp =Y mijwji + Tjw;;

1<j

=>_ > Pr[ESI(D+Dj) (wijws + wjiwig) +
i<j keV—{i,j}

> (1 - ) Pr[E](Dh+ Dﬁ%)) (wijwji + 2 jiwis).

1<j keV—{ij}
We define,
Brp=)_ Y Pr[EL(DY+ Dj) (wijwi + mjowy) = Y PrlES]vg
i<j keV—{ij} i<j<k
where,
Vije =(Djs + Dj;) (wjiwi; + wijw;i)+
(Dji, + Digj) (@rjwsn + xjrwis)+
(D}, + D%,) (zirwr; + Triwir)
and
Grr=3 (1 - ). Pr[E](Dh+ Dﬁ*)) (wijw;i + zjiwi;)-
i<j keV —{i,j}
Then,

Crp=Brp+Grp.

(3)

Let OPT be the cost of the optimal value of the feedback arc set problem. Then, Cpp is a lower

bound for OPT [2].

Note that for any pair of distinct vertices a and b, the second constraint of LP 1 implies that
Tpe = 1 — zqp, and the probability constraints imply that wp, = 1 — wep. If we use one of the
rounding functions that we presented in Section 2 as the rounding function of QuickFAST (i.e.
fi; = h(wi;) or fij = wj), then ¢y and ;5 are functions with six variables z;;, i, Tri, wij,

Wik, and wy;.

Lemma 1. QUICKFAST is an «-approzimation algorithm for the feedback arc set problem if the

following two conditions hold:
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1. For any pair of distinct vertices i and j,
AFAST(xij»wij) = (fijwji + fjiwij) - a(l'ijwji + xjiwij) <0.
2. For any triple of distinct vertices i, j, and k,
QrasT(Tij, Tjk, This Wij, Wik, Whi) = Gijk — & - Yijp < 0.

Proof: If Condition 1 holds, then E[GQF] < «a-Gpp is a direct consequence of equations 3 and 5.
If Condition 2 holds, then from equations 2 and 4, we have E[BQF} < « - Brp. Therefore,

E[COSt(WQF)] = E[BQF] +E[GQF} <a-Brpt+a-Grp=a-Crp <a-OPT.
O

To prove an approximation factor « for QUICKFAST using Lemma 1, we need to show that
the maximum values of Apasr and Qp g7 are less than or equal to 0 for that value of «.

Theorem 1. The QuickFAST algorithm with fi; = ws; is a S-approzimation algorithm for the
feedback arc set problem on tournaments that satisfy probability constraints.

Proof: We will show that both conditions of Lemma 1 hold for a = 3. Without loss of generality,
suppose that w;; > wj;.

Apast(xij, wij) = fijwii + fiwi; — o(@ijwy; + x5;wi5)

< wijwy; + wiiwi; — 3(Tiws + jw;5) (Since w;; > wj;.)

= 2wj;w;j — 3wy (Since z;; + xj; = 1.)
< 2wj; — 3wy (Since 0 < w;; < 1.)
<0.

Therefore, Condition 1 holds for aw = 3. By the definitions of ¢;;, and 1;ji, we have,
Gijk = 3(WiWi Wi + WiWjkWki) (6)
and
i 2(xjiwi; Dy + wijw;i D)+
(wrjwjn Dj + @ jpwe; Dy )+
(zipwri D), + zriwiDy,)
=(xij + Tk + Tp) (Wikwr;wji) + (i + Tij + 255) (Wi W)Wk )
Wik Wi Wi + Wi Wik W« (7)
The last equality follows from the first condition of LP 1. By Equality 6 and Inequality 7, we have
Qpast(Tij, Tjk, Thi, Wij, Wik, Wki) = Pijie — 3ije < 0.
Therefore, Condition 2 holds for « = 3, as well. O

Theorem 2 gives the approximation factor for our algorithm on tournaments satisfying the
probability and triangle inequality constraints. Our proof hinges on two following lemmas, stated
below. We first present the proof of Theorem 2 using these lemmas, and subsequently prove the
lemmas themselves.
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Lemma 2. If fi; = h(w;;) in QuickFAST algorithm, the first condition of Lemma 1 holds for
a =5/3 on tournaments that satisfy both the probability and the triangle inequality constraints.

Lemma 3. If fi; = h(w;;) in QuickFAST algorithm, then the second condition of Lemma 1
holds for a = 5/3 if the input tournament satisfies both the probability and the triangle inequality
constraints.

Theorem 2. The QuickFAST algorithm with f;; = h(wi;) is a 5/3-approzimation algorithm for
the feedback arc set problem on tournaments that satisfy both probability and triangle inequality
constraints.

Proof: By Lemma 2 and Lemma 3, two conditions of Lemma 1 hold for o = 5/3 which complete
the proof. |

In the rest of this section, we will prove Lemma 2 and Lemma 3. To do this, for each of the
functions Qpasr and Apas7, we will find a subset of its domain such that the maximum value of
the function on its domain and on that subset are the same. This helps us to find the maximum
values more simply.

Proof: [Lemma 2] In Apas7, we set f;; to h(w;;), if tournament satisfies both probability and
triangle inequality constraints. If we fix the value of w;; then Apg7 is a linear function with
single variable z;;, and it can reach to its maximum value when x;; is in {0, 1}, which is the set
of the endpoints of the domain of x;;. On the other hand, Apasr(1,a) = Apasr(0,1 — a) for
any a € [0,1]. So, instead of the whole domain of Apg7, we can find the maximum value of A
on D(A) := {(0,ws;) | wi; € [0,1]}. We will show that Apasr < 0 on domain D(A) for a = 5/3.

o If0 S Wi S 1/3 then,
Apast(0,wi;) = (fijwii + fjiwi;) — awws; + xjiwi5)
= (OX (1711}”)4*1 xwij) 72(0)( (17’10”)4*1 xwij)

)
= Wy, —gwij SO
° If1/3§wij §2/3 then,

5
AFAST(()»wij) = (Su)ij - ].) (1 - ’LUij) + (3(1 - U)ij) - 1)wij - g

wij

13
= —6w}; + —

3w7;j—1<0.

o If 2/3 <w < 1 then,

8
S Wij = 1-— 5 Wij <0.

AFAST(O,wZ-j):lx (1—wij)+0><wij_3 3 >

d

Proof: [Lemma 3] By the first constraint of LP 1, For any 4, j,k € V, we have 1 < x;; + 2 + T,
and also 1 < xy; + xj; + 4. Therefore,

1Sxkj—ka:ji—l—xik:(l—xjk)—k(l—xij)—&-(l—xki) = Xjj —|—.Tjk—|—$/ﬂ'§2.



JGAA, 30(1) 133-150 (2026) 141

Thus, the domain of (x5, Tk, Tki) is
U= {(a,b,c) |a,b,ce 0,1] A1<a+b+c<2}

Similarly, we can show that the domain of (w;j, w;k, wg;) is U, if the tournament satisfies both the
probability and the triangle inequality constraints.

If in Qpasr, we set f;; to one of the rounding functions which we defined, and fix the values of
variables w;j, w;i and wy; then Qp g7 is a linear function with three variables ;;, z i, and xy;.
Therefore, Qpagr will receive its maximum value when (z;;, €k, Tx;) is in the set of vertices of its
domain that is the polytope U. These vertices are (0,0, 1), (0,1,0), (1,0,0), (0,1,1), (1,0,1) and
(1,1,0). On the other hand, for any a, b, ¢ € [0,1], due to the symmetry of Qg as7, we have

QFAST(laovoaaabv C) = QFAST(Oa 1,0,c,a,b) = QFAST(O,Ov ]-7ba c, a) =
QFAST(O7171a1_a71_b71_C) :QFAST(17071a1_671_a71_b) =
Qpast(1,1,0,1—b,1 —¢,1 — a).

So, to find the maximum value of Qpag7, we can only focus on (z;;, Tk, Tk:) = (1,1,0).
For any a,b,c € {1,2,3} we define

Pope = {(1,1,0,w;5, wjk, Wki) | (wij, Wik, wi;) € Ig x Iy x I, N U}

where I, I5, and I3 are the intervals which are defined in the definition of function h. Thus, for
tournaments that satisfy both the probability and the triangle inequality constraints, it is enough
to find the maximum value of Qragr on Ua’b’c Ppc. In these tournaments, f;; = h(w;;). So, if
we fix all variables of {0pag7 except one from w;;, wji or wy;, then Qpagr on a specific Py is
a line (in degenerate case, a point). Hence, for such a situation with only one non-fix argument
w' € {ng, w;k, wy, }, the value of Qpag7 decreases in at most one direction of changes of w’ (when
we decrease or increase the value of w’ it is impossible that the value of Qg g7 getting decreased
in both directions of changes of w’). Thus, QpasT on a specific Py, receives its maximum value
in one of the vertices of I, x I, x I, or in a point at the boundary of U. So, there is a point that
maximizes Qr 457 and has at least one of the following conditions:

® Wi; + Wik + Wk € {172}
® Wij, Wik, Wki € {0, 1/3,2/3, 1}

Therefore, when tournaments satisfy both the probability and the triangle inequality constraints,
its enough to find the maximum value of Qr 457 on

Dr(€) = {(1,1,0, ws;, Wik, i) | (wiz, wjk, wii) € Y}
where,

Y = {(a,b,c)|(a,b,c) eU A (a+b+c€{1,2} V a,b,cé€ {0,%,;,1})}.

Let wi; + wjr + wi; € {1,2}. As wg; € [0,1], if wy; +wjp < 1, then wy; = 1 — wyj — wjk;
if wi; +wjp > 1, then wr; = 2 — wy; — wyg; and if wi; + wyp = 1, then wy; = 1 — wi; — wji
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or wy; = 2 — w;; — wjg. Besides that, Q(1,1,0, wsj, wjk, wr:) = Q1,1,0, wjk, wij, wy;) due to
symmetry. Therefore, Dr(Q) = Dy U Dy U D3 where,

Dy = {(1,1,0,wij, wj, 1 — wij — wjr) | wij, wj € [0,1], wij < wjn, wij +wjp < 1}
Dy = {(1,1,0,w;;, wjk,2 — wij — wj) ’ wij, wik € [0,1], wij < wik, wi; +wji > 1}
D3 = {(1, 1,0, w;, wjr, wk;) | (wij, ik, wri) € U, wij < wik, wij, wig, wi; € {0,1/3,2/3,1}}

All possible values of D3 and their corresponding values for Qg 457 have been shown in Table
2, which shows that Qpas7r < 0 on D3. We will complete the formal proof for this lemma by giving
a detailed discussion in Appendix A showing that the maximum value of Qpa57 on Dy U Dy is
also less than or equal to 0. |

3 QuickRank Algorithm

For two rankings 7, and 75 on a set V', the Kendall-Tau distance is defined as,
K(m,m2) sz (VxV) st m(i) <m(f) A ma(i) > ma(j }|

Having a set of rankings m,..., 7, on V, Kemeny gave a measure for the best ranking that
aggregates these rankings [12]: the rank aggregation problem (Kemeny optimal ranking) is to find
a ranking mgqenr whose sum of the Kendall-Tau distances from 7y, ..., T, is minimum. In other

words,
m

TRank = argmin Z K(m, ).
T =1
The rank aggregation problem is NP-hard even if there are only four rankings [4, 9].
This problem can be reduced to the minimum feedback arc set problem as follows. Assume

that rankings 71,..., 7, on set V of size n is an instance of the rank aggregation problem. We
build a tournament (V,w) based on these rankings, denoted by T'(71, ..., mp,), where w;; = L|{t €
{1,...,m} s.t. (i) < 7(4)}|. Then a wpasr for (V,w) is a mrank for T(m1, ..., Tm).

The tournament 7'(m1,. .., 7, ) satisfies the probability constraints:

te{l,...,m} st m(i) <m(y te{l,...,m} st m(j) <m(s
w4y = EE L) st i) < m G | e L m) st () < @Y
m m

Moreover, T(71,...,7,) satisfies the triangle inequality constraints: for any triple of distinct

i,5,k e V,yand t € {1,...,m} if m(4) < m(k) then m (i) < m(j) or () < m(k). Therefore,

_ Hteft. .. omp st m(i) < mi(k)}

ik
el my stom() <mGB | (e {1 m) stm) < m(k)]

= W;j + Wjk-

Pick-A-PERM is a trivial approximation algorithm for rank aggregation problem whose running
time is O(1) [2]. This algorithm simply returns one of the input rankings uniformly at random.
Let mpap be the output of PICK-A-PERM and random variable Z;; be the weight of the backward
edge between vertices ¢ and j in wpap. If mpap(i) < mpap(j), the edge (j,4) is backward and
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Zij = wj;. This event happens with probability L |{t € {1,...,m} s.t. m(i) < m(j)} = wi;.
Similarly, Z,; = w;; with probability w;;. So, E[Z;;] = 2w;;w;; and

Elcost(tpap)] = »_ E[Zij] =Y 2wijw;;. (8)
i<j i<j
In mRank, for any pair of distinct vertices ¢ and j, one of the edges (i, 7) or (j,4) is backward. Hence,

Zi<j min(w;;,wj;) is a lower bound for cost(mrank). On the other hand, w;;w;; < min(w;;, w;;)
because w;;, w;; € [0, 1]. Therefore,

Elcost(mpap)] = Z2wijwji = QZmin(wij,wﬂ) < 2 cost(TRank)-
i<j 1<j

This implies that the approximation factor of PICK-A-PERM is 2 for the rank aggregation prob-

lem. Trivially, KwiKSORT (T (71, ..., 7)) is another 2-approximation algorithm for this problem.
Selecting the best solution among P1CK-A-PERM(7y, . .., Ty ) and KWIKSORT(T (71, ..., Ty)) is a
11/7-approximation algorithm [2] for the rank aggregation of my,..., Tm.

As QUICKFAST improves the efficiency of KwWIKSORT for FAST problem, it is natural to
expect the same improvement by using the combination of P1cK-A-PERM and QUICKFAST for
rank aggregation problem. Our proposed algorithm for this combination, called QUICKRANK, is
simple and fast: With probability S it returns the result of QUICKFAST, and otherwise (with
probability 1 — ) returns P1ICK-A-PERM. We need O(m) time to find the weight of any edge of
T(m, T2, ,Tm), but we do not need to compute the weights of all edges because in each level
of recursion tree at QUICKFAST we only need the weights of O(V') edges. The expected value of
recursion levels is O(log |V|). So, the expected running time of QUICKRANK is O(m|V|log |V]).
Instead of using randomness, we can select the best solution from P1CcK-A-PERM and QUICKFAST.
This approach achieves an approximation factor at least as good as that of QUICKRANK.

Now we analyze the approximation factor of this algorithm. From equation 8, we have

Elcost(mpap)] = Z 2wijwj;
i<j
=Y. > Pr[ES(DE+ D) (2uiuws)+
1<j keV—{i,j}
> (1 - ) Pr[Ej](Dh+ Dﬁ)) (2wijwji).
i<j keV—{i,j}
We define,
Bpap =), Y  Pr[ES](DY + D) (Qwijwi) = Y PrES]ui (%)
i<j keV—{i,j} i<j<k
where,
Wijk = (DZ + sz) (Qw,jwy;) + (D;-k + Dzj) (Qwjrwy;) + (Diz + ka.)(kaiwik)
and
Grar =3 (1 - ) PrlEg(D5+ Dﬁ)) (2wijwji)- (10)
i<j keV—{ij}
Then,
Elcost(mrpap)] = Bpap + Gpap.
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Lemma 4. QUICKRANK is an a-approximation algorithm for the rank aggregation problem if the
following two conditions hold for some § € [0,1]:

1. For any pair of distinct vertices i and j,
ARank (Tij, wiz) = (B(fijwyi + friwij) + (1 = 8)Qwijw;i)) — o(wijwyi + xjws5) < 0.

2. For any triple of distinct vertices i, j, and k,

(B bijr + (1= Bpiji) — - Yijie < 0.

QRank(Tij, Tjks This Wij, Wik, W)

Proof: Let mgr be the ranking which is returned by QUICKRANK. This algorithm with probability
B is QUICKFAST and with probability 1 — 3 is Pi1ck-A-PERM. So,

E[COSt(TFQR)] =4 E[cost(pr)] +(1- ﬂ)E[cost(WpAp)]
If Condition 1 holds, then from equations 3, 10, and 5, we have
B-E[Gqr] + (1 —B)E[Gpar] <a-Grp.

If Condition 2 holds, then from equations 2, 9, and 4, we have

B-E[Bgr|+ (1 —B)E[Bpap| <a-Bpp.

Therefore,

E[cost(ngr)| = B - E[cost(mqr)] + (1 — B)E[cost(mpap)]
— 5(B[Bar] + E[Gar]) + (1 - B)(E[Brar] + ElGrar))
=p3-E[Bgr| + (1 - B)E[Bpap] + 8- E|Gor| + (1 — B)E[Gpap]
SOZ'BLP—FOé'GLp:Oé-CLPSO(-OPT.

d

By the same proof as the proof of Lemma 2, it can be concluded that if in QuickRank algorithm
fij = h(w;;), the first condition of Lemma 4 holds for a = 1.45, and 8 = 0.55. But to prove the
second condition of Lemma 4 like the formal proof of Lemma 3, we must provide a restriction for
the domain of Qggni like what we did for the domain of Qpa5r. However, because of the more
algebraic complexity of this function it is too complicated to do this. We informally, checked the
correctness of this condition using a computer program and checking all points on a sufficiently
fine-grained grid. So, we claim the result as a conjecture.

Conjecture 1. QuickRank algorithm with 8 = 0.55 is a 1.45-approximation algorithm for the rank
aggregation problem.

While the focus of this work is on establishing theoretical bounds for worst-case inputs, we
also provide an open-source benchmarking suite. The implementation, which generates random
tournaments and compares the average-case empirical performance of QuickFAST against existing
algorithms, is publicly accessible at: https://github.com/mojtabaOstovari/FAST-Benchmarking.
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Proof of Lemma 3

will show that the maximum value of Qp g7 on Dy(Q) = D1UDoUDs is less than or equal to 0.

Table 2 shows the values of Qp 457 on D3 which are less than or equal to 0. We used function h as

the

rounding function. Thus Qg g7 is a piecewise function, and we need to compute the maximum

value on each piece separately on D and Ds. In the following, you can see the maximum value of
Qpasr on Dy and Dy when (w;j, Wik, W) € I, x Iy x I, for any a,b,c € {1,2,3}.

o If (wij,wjk,wki) el x I xIy:
1. On Dq:

].OU}Z']' 10wjk
3 3

11 7
QpasT = -3 argmax = (57 §) max = —

2. On Dy: There is no point with these conditions.

o If (wijawjk,wki) el x I1 x Is:

1. On Dq:

1 7
Qrast = 2wi2j + dwwj — 2w + Qw?k —2wji — 3 argmax = (0, max = — o

3)

2. On Dy: There is no point with these conditions.

o If (wijijk7wkz‘) el x I x I3:


https://doi.org/10.4153/CMB-1969-032-x
http://www.jstor.org/stable/2334060
https://doi.org/10.14778/3021924.3021930
https://api.semanticscholar.org/CorpusID:123662615
https://doi.org/10.1007/bf02017965
http://www.jstor.org/stable/40538434
http://www.jstor.org/stable/40538434
https://www.sciencedirect.com/science/article/pii/S0305054824001965
https://www.sciencedirect.com/science/article/pii/S0305054824001965
https://doi.org/10.1016/j.cor.2024.106724
https://doi.org/10.1016/j.cor.2024.106724

JGAA, 30(1) 133-150 (2026) 147

1. On D12
argmax = (0, ) ma !
x= (0, = X=—=
g '3 9
2. On Dsy: There is no point with these conditions.

o If (wij,wjk,wki) €l x Iy x I;:

1. On Dq:
Ow; ; 16
QrasT = —10wijwjk + J Swfk + 13wjk — ?
(1 29) 55
argmax = (=,—) max=———
8 348 288
2. On Dy: There is no point with these conditions.
o If (wij,wjk,wki) € l; x Iy x Is:
1. On Dq:
37w, 40w;
Qpasr = —30ww;y + 1203 — 30ww?, + 45wgjw;), — ;‘” + 15w, — —=2E 49
2 2
argmax = (0, g) max = ——
2. On Dy: There is no point with these conditions.
o If (wij,wjk,wki) S Il X 12 X I3:
1. On Dli
8w 16w, 5 7
Qrpast = oz 811);“?,C + g)jk 3 argmax = (0, g) max = —g
2. On Da:
8w 40w ; 12 7
Qrast = 7;]'7 —8wj2-k—|— g)Jk -7 argmaX:(g,g) max:—§

o If (wij,wjk,wki) €l x I3 x I:
1. On Dli

2wjk 2
3 3

QpasT = argmax = (0,1) max =0

2. On Dy: There is no point with these conditions.

o If (wijawjk7wki) € l; x I3 x I:
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1. On Dy:
25w;; Tw; 8
Qrast = —Sw% — 6w ;wjk + z 4 2wj2.k I LA
3 3 3
(0.2) 2
argmax = , = max = ——
g 3 5
2. On Dsy:
49w, Wi 17
Qpasr = —8w}; — 6wijw;, + 242wl + % -5

1
argmax = (g, 1) max= -3

o If (wijawjk7wki) € l; x I3 x I3:

1. On D;: There is no point with these conditions.
2. On Da:

1
argmax = (5’ 1) max = _g

o If (wij,wjk,wki) € ls x I x I;:

1. On D13
80w; ; 80w,
Qpast = 30ww;, — 18w} + 30wiwi, — 61wijwji + ol 18w, + # —10
(5.2) !
argmax = (-, — max = ——
sma =l T
2. On Dsy: There is no point with these conditions.
o If (wijijk7wki) €Iy x Iy x I:
1. On Dy:
40w;; 40w,
Qrast = —30wiwji + 15w}; — 30wiwiy + 4bwijwjn — ;,U] + 1503, — —2% +2
(G.2)
argmax = (-, = max = ——
& 373 9
2. OIl D25
85wy 85w, 26
Qpast = 730w1-2jwjk + 15wi2j — 3Owiij2-k + T5wijwin, — iy 15“’]2'1{ - 3jk " >
(G 2) 2
argmax = (=, — max — — =
& 33 9

o If (wijijk7wkz‘) €1y x I x I3:
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1. On D;: There is no point with these conditions.

2. On DQI
101w, 101w 46
QFAST = Swa]ka — 18’11)7% + 30w”wj2k — 71w7;jw]'k —+ v J _ ].8’Ll)j2k + 3u}]k — ?
(2 2) 2
argmax = (-, - max = ——
smax =133 Ty

o If (wij,wjk,wki) €l x I3 x Iq:

1. On Dq:
Qwii 2w 2 12 2
QFASTZQwin— I;] + I;]k 3 argmaX:(g,g) max:—§
2. On D22
8w; ; 2w; 2 2
QFAST:2w?j— 1;}] % argmax = (-, 1) max = —g
o If (wij,wjk,wki) € Iy x Is x Is:
1. On D;: There is no point with these conditions.
2. On D22
85w ; 70w ; 20
QpasT = —30wi2jwjk + 15wi2j — 30wijwj2»k + 7w wjk — Wi + 1210?,c — g)jk + 3
25
argmax = (3’ 6) max = 0
o If (wij,wjk,wki) €l x I3 x I3:
1. On D;: There is no point with these conditions.
2. On DQZ
10w, 4 29 35 55
QrasT = Qw?j + 10w;;wjp — Twi; — 3] + 3 argmax = (@, @) max = ~ 983
o If (wij,wjk,wki) €Iz x I3 x Iq:
1. On D;: There is no point with these conditions.
2. On DQZ
2w;;  2w; 4
Qrast = 1;]] % -3 argmax = (1,1) max =0

o If (wijawjk,wki) € I3 x I3 x Is:

1. On D;: There is no point with these conditions.
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2. On DQZ
QrasT = —8w1-2j - 16wl-jwjk + 2411)1'3' - 8wj2k + 24wjk — 18

3
argmax = (5 — W)k, wjg) max =70

o If (wijijkvwki) S I3 X I3 X 133
1. On Dy: There is no point with these conditions.

2. On DQZ
0w, | 10wy 14
3 3 3

2 2
Qpast = argmax = <§’ §) max = —

(wij, Wik, W) | Qrast
(0,0,1) -5/3
(Oa 1/37 2/3) '7/9
(0,1/3,1) —5/3
(01 2/37 1/3) '2/9
(0,2/3,2/3) -5/3
(0,2/3,1) -5/3
(0,1,0) 0

(0,1,1/3) 0

(0,1,2/3) -5/3
(0,1,1) —5/3
(1/3,1/3,1/3) -7/9
(1/371/3,2/3) —7/9
(1/3,1/3,1) -5/3
(
(
(
(
(
(
(
(
(
(
(
(
(

1/3,2/3,0) 2/9
1/3,2/3,1/3) | -2/9
1/3,2/3,2/3) | -7/9
1/3,2/3,1) 779
1/3,1,0) 0
1/3,1,1/3) 0
1/3,1,2/3) 779
2/3,2/3,0) 0
2/3,2/3,1/3) | -2/9
2/3,2/3,2/3) | -2/9
2/3,1,0) 0
2/3,1,1/3) 2/9
1,1,0) 0

Table 2: The values of Qpagr on (1,1,0,w;;, w;k, wk;) € Ds.
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